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Need to show:

2. P[[f], > 1/1000] > C

(1) is solved using

. Hfh

Lgr=1y) =2

1. E[[f]1 - 1r=1y] < Ce'/?log(1/e)Var(f)

J Z f t((‘?@ft)zl{,rzl}dt

(2) is a calculation, martingale with known endpoint



The end, for now.
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